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Introduction Behavioral Results

Building useful knowledge requires learning both
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might it transform over time? exemplars gets worse with time while categories persists

Design Retrieval Results
n = 30, two-session fMRI (1-2 weeks apart)

Whole-brain univariate analysis: Category — exemplar retrieval
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Category retrieval: Medial prefrontal cortex, anterior hippocampus,
anterior temporal lobe, precuneus

Exemplar retrieval: Visual cortex, parietal cortex, dorsal and lateral
prefrontal cortex, cerebellum
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Preliminary hippocampal reinstatement analysis
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'tem Representations

Category retrieval ROls from Look for category clustering
delay-match-to-sample of items in these ROIs
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ltems show category clustering in category
retrieval regions, but only after 1-2 weeks

Conclusions

Distinct brain regions support the retrieval of
general vs. specific knowledge, consistent with
work showing some of these regions employ
representations at different levels of abstraction?

Representations of items from the same category
become more overlapping in regions important for
retrieving categories, but only after consolidation

Next Steps

Feature RSA, hippocampal subfield analyses, searchlight,
relate neural measures to behavior, examine the content of
reinstatement during category vs. exemplar retrieval
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